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Contributions
• Trace-driven analysis of caching opportunities in this context ...

• We present the first characterization of 
• the similarities in the viewing directions of users watching the same 360° video, 

• the overlap in viewports of these users (both instantaneously and on a per-
chunk basis), and 

• the potential cache hit rates for different video categories and network 
conditions. 

• Results provide insights into the conditions under which overlap can 
be considerable and caching effective, and can inform the design of 
new caching system policies tailored for 360° video. Addressing both 
these uncertainties in simultaneously results in a p
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